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Category Application

Web Disk CLUBBOX, PABANDISK, TOTODISK, ENDISK
Web Traffic HTTP, HANGAME, SAYCLUB

FTP ALFTP

P2pP FILFGURAYL, SORIBADA, GAMPLE, BITTORBENT
Game Traffic STARCRAFT

Remote Controller | MSTC

¥ 4. POSTECHY] of|Zg Aol Trace
Web Traffice HTTP, HTTPS T2 EZS ¥ 33 ¢ He9AS
o] &k o] ofZF Ao de onl gkt 183l Web diske AR E
B Ao Eo A AlFete A Ikl AFsta oy AREAEC] 1
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AAsE Ffete cdEAeldelt. # =i CLUBBOX,
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Training| 11000 708 516 | 1011 231 | 165 | 86 | 28 | 571 | 50B | 10943 | 989 246 | 447
Testing | 4000 206 231 | 42 | 165 | 102 | 34 | 124 408 | 407 | 469 | 4082 | 50 | 3B

HANGAWE TP | PARANDISK | SAYCLUB | SORBADA | STARCRAFT | TOTODISK
Flowr) Eytewe) Flowor | ytee) | Fowor Bytete) | Flowor Bytene) | Flowor) | Bylee) | Flowor) | Bytese) | Fowory | Bytege)
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IP address (source, destination)

Port number (source, destination)

Byte counts

Connection duration

Packet size statistics (minimum, maximum, mean, standard deviation)

Inter-packet arrival time statistics (minimum, maximum, mean, standard deviation)
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Applicatio Precision Recall
BITTORRENT 0.978 0.757
ALFTP 0177 0.061
CLUBBOX 0.615 0.508
DESKTOP 1 1
FILEGURI 0.713 0.559
GAMPLE 0.962 0.983
HANGAME 0.169 0.511
HTTP 0917 0.956
PARANDISK 0.185 0.432
SAYCLUB 0.126 0.376
SORIBADA 0.891 0.983
STARCRAFRT 1 0.231
TOTODISK 0.784 0.5114
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Applicatio Precision Recall
BITTORRENT 0.981 0.637
ALFTP 0.0045 0.0003
CLUBBOX 0.768 0.232
DESKIOP 1 1
FILEGURI 0.35 0.202
GAMPLE 0.953 0.981
HANGAME 0.43 0.102
HTTP 0.403 0.858
PARANDISK 0.133 0.311
SAYCLUB 0.003 0.02
SORIBADA 0.968 1
STARCBAFT 1 0.145
TOTODISK 0.97 0.09
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